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GENERAL APPROACH
▸ MAIN GOAL:
▸ Estimating effective profiles for different objects in the data.
▸ How to estimate?
▸ Significant Words Language Models (SWLM)
▸ How to employ?
▸ For building a positive profile for each user (as a set of
positively rated documents)
▸ For building a negative profile for each user (as a set of
negatively rated documents)
▸ For building a profile for a group of users (as a set of users
sharing a specific property) - to be used in group-based
suggestions.

RESEARCH QUESTIONS
▸ RQ1 How can SWLM help to estimate better user profiles
for the contextual suggestion?

▸ RQ2 In what conditions does information of group profiles
estimated using SWLM improve the performance of the
contextual suggestion?

ESTIMATING SWLM
▸ IDEA: How to estimate a model for representing a set of
textual objects capturing all, and only, the essential
shared commonalities of these objects?
Luhn-Based Model

Significant Words Language Models
H. P. Luhn. The automatic creation of literature abstracts.IBM J. Res.Dev., 2(2):159–165, 1958.
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SWLM FOR CONTEXTUAL SUGGESTION
▸ As it is explained, SWLM is an effective approach to
estimated a model representing a ”Set” of documents.
▸ In contextual suggestion:
▸ Profile for an individual user
▸ as the set of attractions rated by the user
▸ positively rated / negatively rated
▸ Profile for a group of users
▸ as the set of users

EXPERIMENTS: USER PROFILING
▸ We use the similarity of the standard language model of the
candidate attractions with the estimated user profiles using
SWLM to score candidates and rank them.
▸ Only positive
▸ Positive plus Negative (as negative score)
Table 1: Performance of Contextual Suggestion Using Di↵erent
User Profiling Approaches
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positively rated attractions, and estimating a negative user
profile using the set of negatively rated attractions.
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EXPERIMENTS: GROUP PROFILING
▸ We group users based on their age (5 years as the bin size)
▸ Age of users as the grouping criterion has been shown to
be one of the most effective grouping approaches on the
contextual suggestion task [Dehghani et al. , CHIIR2016].
▸ Then we use SWLM to estimate profile for each group (as a
set of users).
▸ Group-Based Suggestions: We use the similarity of the
standard language model of the candidate attractions with
the estimated group profiles using SWLM to score
candidates.

EXPERIMENTS: GROUP PROFILING
▸ We combine group-based scores with the score achieved
using the individual user profiles.
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Table 2: Performance of Contextual Suggestion Using Di↵erent
Group Profiling Approaches
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portant point is that using standard language model as the
profiling method, we lose performance when we take the negative profiles into account. This is due to the fact that usually
negative instances are not focused on a specific topic and
estimating a model representing all of them is more difficult

EFFECT OF GROUP PROFILING
▸ We noticed that group-based suggestion helps more
when users have tendency to rate attraction in a neutral
way, compared to the case users have extreme opinion in
their rating.
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Figure 1: Improvement of the performance of contextual suggestion by help of group profiles for users with di↵erent rating
behavior.
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